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Abstract:
embedded in social contexts, raising challenges such as misalignment, unpredictability, and the

Recent advances in Al and robotics have led to increasingly autonomous systems

difficulty of specifying ethical behavior in advance. Conventional approaches based on externally
imposed rules or reward design face fundamental limitations in such settings.

This talk proposes generative ethics as an alternative framework in which ethical behavior emerges
from internally generated processes. Based on the concept of Silicopathy, we model pain as a
predictive internal state linking perception, action, and value formation.

We present a computational implementation using a Deep Modality Blending Network (DMBN)
that integrates visual and tactile modalities to predict nociceptive outcomes. Results show that be-
havior is generated based on predicted interactions rather than object categories, enabling context-
sensitive responses and generalization to unseen situations.

These findings suggest that generative ethics provides a promising approach to addressing societal
challenges in AT and robotics, emphasizing continuous adaptation and value co-construction over
fixed rule enforcement.
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