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Single-channel Input Acoustic Signal
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Table : OO0 O0O0O0ODOOOOODO

Dataset : ATR dataset

(216 words by 5 male and 5 female speakers)
# of cls : 2 (male and female)

Dataset : RWC-MDB-G [28]

(32 genres of music for approx. 5 minutes)

# of cls : 32 (ex. popular, ballad, etc.)
Dataset : RWCP [29]

(92 kinds of sounds for approx. 4 minutes)

# of cls : 92 (ex. phone ring, clap, etc.)
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